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Table 1 FFilli 77— Z 259" % & F 1L D RGN RE D Hoig
Speech recognition (WER:%) Sound recognition (FER:%)

0db [ 5db | 10db [ 20db | Ave. | 0db | 5db | 10db [ 20db | Ave.
1 Single-Task with FBANK 60.9 | 42.2 | 30.3 | 22.8 | 39.0 || 50.3 | 46.4 | 45.1 | 54.8 | 49.2
2 Multi-Task with FBANK 61.8 | 42.5 | 31.1 | 23.3 | 39.7 || 42.2 | 44.8 | 44.1 | 53.6 | 46.2
3 Multi-Task with ST-BNF 59.2 | 41.1 | 299 | 21.7 | 38.0 || 31.2 | 31.5 | 34.1 | 48.5 | 36.3
4 Multi-Task with MT-BNF 62.5 | 44.6 | 32.0 | 23.5 | 40.7 || 42.3 | 43.2 | 44.7 | 54.9 | 46.3
5 Multi-Task with i-vector + ST-BNF(FBANK) 61.1 | 42.3 | 293 | 21.9 | 38.6 17.8 | 15.7 | 15.2 | 20.2 | 17.2
6 Multi-Task with i-vector + MT-BNF(FBANK) | 61.4 | 42.2 | 31.3 | 224 | 39.3 || 19.7 | 184 | 19.2 | 26.5 | 21.0
7 Multi-Task with ST-BNF (i-vector + FBANK) 57.6 | 36.2 | 25.2 | 18.6 | 34.4 || 12.1 | 12.7 | 13.1 16.3 | 13.6
8 Multi-Task with MT-BNF (i-vector + FBANK) | 60.4 | 40.4 | 28.0 | 21.4 | 37.6 11.9 | 12.0 | 12.7 | 18.7 | 13.8
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