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In text and speech, there are various features that reflect the individuality of the writer or speaker.

These

features play an important role in ensuring smooth communication. Our research aims to create a method for
text translation from the texts with one writer’s individuality to the texts with another writer’s individuality.
At first, we introduce related research about translation from spoken language to written language and about
authorship attribution using writers language models. Next, we describe a text translation system that translates

text with one writer’s individuality to another writer’s individuality by using a language model.

Experimental

results demonstrate that the proposed methods effectively translate from the individuality to another individuality.
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Source Text "A—o& Thid H— fIxTIR" Replacement Dictionary
Cross-Entropy compare with Language Model A : 3.75 Word Pos
with Language Model B : 7.25 B S45—
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Wp— T45—
Translated Text "#-> Zhid z-o& HlXTThR" A 742:
Cross-Entropy compare with Language Model A : 8.50 {L"t ;'fz_
with Language Model B : 3.50 A—o& i
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