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Satisfaction Estimation for Examples in Example-based Dialogue Systems
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In dialogue systems, dialogue modeling is one of the most important factors contributing to user satisfaction.
Especially in example-based dialogue modeling, effective methods to build and evaluate dialogue example database
are the key to dialogue quality. However, it is difficult to build a high-quality example database. In this paper,
we propose a model predict how users will evaluate examples in example-based dialogue systems. This prediction
model estimates the prospective evaluation score of unknown examples from already-known examples making it
possible to evaluate the quality of examples without subjective evaluation or dialogue experiments. Further, this
example prediction model we perform experiments using this model to select the utterance used to respond to the
user. Experimental results showed that the proposed method approach decreased the prediction error by 10%, and
was able to choose the best or worst response with 40% accuracy, out of average of 14 responses.
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KRR T RIS ERITM AT 5 FIEMEE I TS [5, 6, 7).
LU D, ZRLOFEEZHWZGE, #- %M
L7 WIGEIEZ OB, AT & 25 KOV & %56 A
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LTW5 [5]. ¥£7, Higashinaka &, Engelbrecht Hi%, %I
LB =P OREOB Y LDV RN~V aTET L
(Hidden Markov Model; HMM) # W TET /ML T 5 Z &
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