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Why couldn’t we do it? Why are we starting to be able to now?
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Abstract While machine translation has been a long-held dream dating back to the appearance of the first com-

puters, for many years it had not reached a level that was able to stand up to real use. However, over the past ten

or so years, there have been huge advances in the technology, and machine translation is finally seeing large-scale

use in real situations. This paper describes 5 major elements that have contributed to these enormous steps forward

in machine translation systems.
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Table 1 An example of machine translation results.

JR3T While taking out food processor blades from the dishwasher, I cut my right hand between my thumb and index finger.
ZIGER | BREGSHENS 7 — ety P —0OHAEZMO HZ S & LT, AFOBEL AELEEOMEZRER L TLENE L,

VAT 5| BTN DT — Ry b —DOHEH LARS, OB AELEOMIZ, FOFEHoTLEVE L,

BT i, A RET L, EARRIAT A>TV T, BEN I EITEERA,

SR Recently, when I wake up in the morning, my left eye is really dry, which makes it difficult to blink.

A7 A | Recently, my left eye is dry and can’t blink when I wake up in the morning,.
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Table 2 An example of machine translation errors.

a) T b, FEHETTEI R TONTT,
FFEOENE  BIER Oh, that’s fine. You don’t have to write.
v A7 A | I don’t write in, thank you.

b) JR3T Please keep lying.
R B | COFFERATHTIEE Y,
VAT L | DXEDEHTTIEE N,
c) 3L I, ZIKAHSETLL,
BN ERE BHEFR | You're all set.
VAT A | Yes, it was very good wax.
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