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The Effect of Translation Quality on Knowledge-based Cross-lingual Question Answering
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To investigate how translation affects knowledge-based cross-lingual question answering (KBCLQA) quality, we
translate Japanese queries to English in 3 different ways and compare the results on KBCLQA. Specifically, one
data set is translated by humans, and the others are translated by machine translation systems. According to our
experimental results, we found that NIST score, which focuses on translation accuracy of content words, has the
highest correlation with KBCLQA quality out of four evaluation measures.
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